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2S5 =— AN iofwé Laufer [1] 1&3&3X
’EﬁIE ZHIfES B 72121 95% D HEE 75 BEHITH B Z
tﬁmibwt%ﬁbfmé.%m FEHTLEE AR
HOHGERZVEILAL L& imé%#xb%@%?
&, FEMEMUTT 57280, FFEHEDBIIC
VTi,%E%LtoT%Y¢@%%&$mP7V~
X BADNFEETEGBREUTS VA TEM & L
THALTWS. Kz, HFEOHEMZBA THEKZHE
Hd S ERGERD 2] 1X, HBORETHELI AT
57-DREEEPNEETH D, HEHEHLIZEWT
INSZ VPG RRBUIE VA SERIEIRESRAHELE
moTW5.

AT HFEAE T B T 282 HE U,

it CHLN D AR AR GER B & V5 I RIS Wi
ZB5FLRERH T 5. EHILEE VAN RE LK
Bi (Target) DR, SV Z JefeAd (Candidate) D
7, Candidate D7 > Z7IFD3D2DT L ANS
%. Paetzold 5 [3] IZHFEDFZ{LIZE T % Candidate
DEFEFEITH L, SHFHIHGH R 7 2@k LT EE L7
HEESWMEREHOTWS, INE T, HHEFERE%E
R E U EGEDIFEIRIFE A I NT WD 577,
ARFZE T Target & EHHGERILL LU, Candidate O
T VI DT ORERGHEE & S U TR U - HEES
MEHZHW S FEZIRET 5.

BEHREERBUZI, T ORERIME < DR HEED S 48
T & % compositionality £ 2HD &, £5T 73&\
non-compositional 72 % DHMFIET 5 [4]. FH1kIC
W, non-compositional 2 #EHFERHTDZ V‘@K
L ORHEEEZEZSND. T I TAIZETIE, EHGE
RILDIEG AT B 1T B compositionality DFEEEIZ DN
THRd 5.

REFIEOMRETHM D720, EfT — X 2R 7=,
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ANX
At the five-to-ten-yeartime scale , we have to piece
things together as best we can, and look for a hybrid
model that will do the job.
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| 3.1 TargetDigFE |

HHERE CEFR

look for A1 B2L{ L%
do the job c2 Target& 3 %
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[ 32Candidatedi®iE |

do the job D [E1Z5E

HEEE CEFR
perform A2
conceive B2 BILL T #
complete B1 Candidate 3 %
—E——

[ 3.3Candidate> 5> U1 |

Target - dothe job

. Target& @
Rank Candidate CEFR QYA R
1 complete B1 0473
2 perform A2 0.471

I REFEROME

#% Target (23§ U C Candidate £ S\WHIX A[RETH 5
2, KU compositionality #6320 % A T 1 7 ik
FICHELTH oo/, FEEROFER, HHEFERIIOMHE
REFEREAEL, X7 MVEREERTAIETNICEST,
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2.1 Target DIRZR
BAEE R O B EERBIO¥E S 212 D\ Tk Common

European Framework of Reference for Languages
(CEFR) [5] IZ#E#L 3 5. English Vocabulary Profile
(EVP)™ TlE, I T\ 2 HiEE R O AR
IR LTS RNEIZ A1, A2, Bl, B2, C1, C2 k¥
BEMIT SN T WS, AiftZETIE, EVP XU The-
saurus.com 2ij 7 IZERERE T W B HESE B2 ML ET
H 5 307 HDOEHFERIL % Target &3 5. Stanford
CoreNLP ™% FI\C AN & EIRIZ U, RN D
THN L EHFERIZMRE L, Target &3 5.

2.2 Candidate OZEE

Thesaurus.com (ZIXEF S N TV B EHFERBIDFEE
FEDS L, SN Bl LD HiGE%E Candidate &3
%. HEEOHESE X CEFR-J Wordlist Version 1.3™
RO EVP TEHRINZHDEHWS.

2.3 Candidate D5 >~ 7 {17

Faruqui & [6] 1, BEFEHSH2H VLI LI1TLD
FEEONT PUDRY PVERMTEREE RS XS
IZHEE R BLE TV O B{b 217 5 Retrofitting %
RELTWVWS., BEFETEDHRKRBEETIVICMEZ,
I ENERBLE TV Retrofitting 2 #H$T 2 €T ILD 4
DDFEZNETN T Target B & Candidate DR
MUVZEERT S, £ LT, Target &4 Candidate D
N7 PVeDIAT A VEHUEZHAWT I Y712
795, MFmEREE L UT, Ganitkevitch 5 [7] A3 HFE
"7 L —ZADF Wz KL% INE U 72 Paraphrase
Database (PPDB) "% {#ifi 3 5.

(1) w2v wikipedia ® dump 57— &0 %% 5 — X
&L, CBOW %M\ 5 word2vec [8] THEE/THL
KELEFPHET 5. Target L7 DEEFERTIO LM
REFEDONRT ML E R LUEDLEDH D% Target
DR MLET B,

(2) w2v (PPDB) w2v {22\ T, ) 12.3GB ®
PPDB (Zfk S N T W2 BEER LD R 7 2 JE%E
FEEE © U THW T Retrofitting 2475, 850

“Ihttp://www.englishprole.org/wordlists
*2http://www.thesaurus.com
*3https://stanfordnlp.github.io/CoreNLP /index.htm]
“http://www.cefr-j.org/download.html
*Shttp://paraphrase.org
*Shttps://dumps.wikimedia.org/enwiki/
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Target # 81

compositional 44

non-compositional | 24
HIEARE 13
Candidate #& 778
1Ef# Candidate £ | 168

TmHEENRT NV ER L &I, w2v LD HET
Target D X7 MLV ZEEKT 5.

(3) w2v_m ®HGEZFHIFIZ U7z wikipedia DL FEIZ
DWT, EHERB AT 2HEELT VX —
N— () THEfE U TAMEREE TV OEE & 1T
. ISR, BEHFHRIUIOVWT—DON
I MVEEKTS.

(4) w2v_m (PPDB) w2v.m Z2\WT, PPDB H®D
45— X % F\" T Retrofitting #175. PPDB /1
DEHFERIB L7 L —RZo0TE, Zhs
DR HREEEL T v X —N— (1) ZHWTHERL
TH#HET 5.

3 FHMmEER
3.1 =EE&7—%

FEERONRT F X M2 LT Rice REVPAFHLTW
LZERETFT—XTEHNS. XD Target 1220
T, ZN0ZE D Candidate £ FWHZ A[REN % 3+ 1
T4 TEEPHE L. 2ok E, HEIZEURE
BLTWa., 7/ 7—XIT30REBEDIXF) AHE
DAA T4 TEEH T, HATORGEAEED 15 F LA
LHBzNYTHD. EELIFEHERBEAEL TV
72, T/ 7= UTOEFEEIXE.

F 7z, % Target D compositionality IZD2WTH 7T
JT—=>avikEiror. HlRIE, Ttake advantage
(P& 223 IS BLEE D EIE D o L EERBL D JIk
ZHEHIMTRETH B. LML, [pop the question] (5
EHLUIAD) IZZNDBES TIERWN. 4 Target (220
T, [HEE» S EBEERBORERZHHI T E 20w 2T
JT=RIHELTH 557, Rice KFEOHRIET—
X5, economics, psychology, sociology DHFlE
DAY AR Y 3y FOARIHIZE IS Target126

*Thttps://cnx.org/
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#* 2: Target N— AD#H AR

3% 3: Candidate N— ADJH G K

n | Rand. | w2v w2v w2v_m | w2v_m
(PPDB) (PPDB)

n | Rand. | w2v w2v w2v_m | w2v_m
(PPDB) (PPDB)

0.358 | 0.543 0.519 0.654 0.617

1| 0.358 | 0.543 0.519 0.654 0.617

0.539 | 0.765 | 0.790 0.778 0.790

0.334 | 0.500 0.500 0.526 0.551

0.658 | 0.840 | 0.864 0.840 0.864

0.316 | 0.413 0.422 0.444 0.493

& 4: compositionality IZ & % Target RX—ADEHAHHE
~NDE (n=1)

’ ‘ compositional | non-compositional

w2v 0.50 0.50
w2v_m 0.61 0.71

fifl (Candidate I% 1,133 1) 27/ 57— a v OxXfR
U7,

RURTT/F—Y a v OfER, SV RER
Candidate % % D Target 81 flil Z FHli R &35, Z
@ Target 81 ffD 5 % compositional & HE X 74
BAGERBINS 44, non-compositional & ¥[E X726
D24 fiEl, WA HE L < HIEARREZ o725 DD 13 {H
T#® 7. Candidate DIREIL T8 ETH Y, £DS
HE W Z W HE7%: Candidate (X 168 fHTH 5.

3.2 FHfigZ

HEELEDI=ODEZTIE, BEEIZE >THR
RENTz Candidate DIFFRHE IR L HifFTE 57
&, #Y)7 Candidate 27 < & H—2IFXELY A b
EHNTBRZENEEE RS, ZD7-®H, Candidate
D7 7 FROFfEREE UT 2 HEOEERZ
HWEd s, 12HIE, nfd Candidate # 1 —H¥ 2
RTBILEEZR, TV 7F U7 AL n AFFRIZIERR
W1 DU EAFET B Target DE|E % KT Target N —
ADEEREH NS, 2 O2HIEI I/ F L7 EAin
fErp D IEfi# Candidate DEI A % /"9 Candidate N —
ADEEEEZAND

3.3 #R

HFIE TR o N7 Candidate D F ¥ Z A IFIZX U
T, Target X— Z & Candidate X — A D &K%

# 2, #£ 3127779, Random 1%, Candidate 5 &
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AN
These leaders work hard to build consensus before
choosing a course of action and moving forward .
Target : course of action
Candidate : approach, course, position, method ...

Hn

W2v : course
W2v_m : approach

2: non-compositional 7 Target Dl

ANX

In the 1980s, inflation rates came down in the United
States and in Europe and have largely stayed down .

Target : come down
Candidate
ibHh : fail

: decrease, fail, fall, reduce, improve ...

3: AR

2T V7N UG A0MEROMMNETH D, &
250, n=305%4, w2v (PPDB) 8 & w2v.m
(PPDB) Tld 0.864 ® Target N — AHAHR % E L
7-. 2k, #2379 % Candidate DA # )70 5\
ZBEHPENMERTEENT VWL L EZRLTED,
HITH 2 HEBAEEXRICBEWTEX LW Z R
LTW5,

# 3 &b, Candidate R—ADHEEETIX, n=3
D&, w2vam (PPDB) 2V&b & WHEREZ R U 7.
Target N—ADHEAREEET S &, w2v.m (PPDB)

Tld w2v (PPDB) & [FI#(D Target IZ DWW T IEf# & 72
% Candidate ZH 1L, D% Target DHIIZEE
N % Efift Candidate M TETWE Z &b h
%. —}iT, Candidate LD n 2 RIS 2 1F LHE
RPETFTLTWS, 2k, —DD Target %4720 D
1Efi# Candidate Z0A3 3 2.1 [l D728, n Z2HMI
B5IF EAREMD Candidate I LTLE SIS TH

41, Target T LTI ED S W Z (5 %
HT2LD, FlEERETLTETHS.
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IRIZ Retrofitting DEIRIZDNWT, n 232U EDHE
Tl Target X — A KU Candidate R—AD FIZH W
THDOFELD EEWEREZ R L TWA. Retrofitting
BEATAZ &1k, [Eff Candidate 23 BT >
I ENBEENEF DB 0h 5. BEHLE
IZEWTIEEED Candidate 2 28R L, ZY7 %
BEENERT LI 2 BEL TS0, HIIZN
ULTEEULWEMEEWR B.

w2v & w2v.m iR 5 &, w2v.m D fiH' Target
N—2Z, Candidate R—Z2 & HIZEHWFER L 2o 77,
i, HEIARHEERS PLORLADEDATIIE
BERBZRHTEIRI MVELTRA+SITH S
ZEZERBLTWVWS., K41Zn =1DHED w2y,
w2v_m @ Target R—ADEAHFIZD\WT, composi-
tionality D% /R9. BRT /7 —YarTETH
% non-compositional 728 HFFERIDEUL/N T W23,
non-compositional & ¥ X 117z Target (2 DWW TIdFE
V2, HGERZ MVORNT & o THEGEREANS L e
T5T7 TU—FNRRAETHIMEMNPMAZ S, K212
ZOHERT. TREDFI NN T WS BGEDEM Can-
didate T# 5. Target @ course of action {ZXf L T,
w2v TR HEEOEREZ ELAEDETRY ML i
RDI728D, F o7 K ERDEA L RIEFED course HY
HIEhTwab., —%, w2vm TIXIEMED approach
EHDTETWS. S8BT /) T—Ya v T —REED
U, compositionality DI DWW TFHIZ 2T 5
FETHS.

F7z, w2v TR ITRT LS IT AN XDNREH
B LWz, o7z Candidate % 5\ L2 IHE & ¥
ELUTUZ S Target BMFIET 5. come down I fail
DEKRZEEATWSD, AJXHTlE inflation rates
MEFELRo>TWVEZYD, fail N\OS W IXTER
W SIRIZ & o THRIKA R 2 REERBINFAET 5
Z &5, Target 721 TR K ATIXX D SURIGHR S Z &
TEBENDD.

4 FEH

AR T, HEEAEE EE HINE U HEE
BHOEGAFERIREL-. EROGSR, HHEERE
DR MIVGITHERBEEE R TDO N T MV OEFZRFIT
137 <, MRHEEEZEFE L —DDORT MV EERKT S
ZEDESTHDZEBHS I XR 572, KRZ, non-
compositional & BEERILZ DWW TILZ OHE A5l
WZ DD o Tz,

S, WREEEEEZFHALT, ANXOXREZ R
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