)

1=

BALEL 2 EOTIRMEIR RS B CHE (2021453 )

Joooodoboobouoobouoooo

agooa oo
gooo ooo goood ooo
b17t2114b@edu.tottori-u.ac. jp murakami@tottori-u.ac.jp
1 0000

0200000
00000000000 O0ONeural Machine Transla- ooooo (@o) 160,000 O
tion(COONMD[1]O0O0O0ONMTOOOODODODODODO oooooooooon 1,000 O
OooooooooooOoooooooooooooo oooo 16,000 O
oo00o0ooU00oooUoooooooooooooooo ooooo 100,000

oobooooooooOobOocooboocOooono
goooooNMTOOOOOOOOOODOOODOO

0Oo000000000O0000oO0ooooooooog 43 0000
» OOoOoooono 000000000000000000000000

goboobooboooo
21 0O0OO (PRED)

030000
0000000000 a0000000bO0O0000 OO0 0000000000001 00
0000000000000000000000000 D00 | The plan was given up.
O00D0D0OO0OO0OO0OO0OPREDOOODPREDODODO 00O NMT1 | The plan has come off . O
gobooooboobooo NMT?2 | The plan has fallen off . O
2.2 BLEUMETEOR,TER NMT3 | The plan is off . _ O
BLEU[2]0 METEOR([3]0 TER[4] 000000000 ﬁﬁg gf gp;f“;gf‘;ed;:gm‘n“ed' d
godooooooooboooboooooooooooa NMT6 | The plan gave way . 0
23 0OOO NMT?7 | The plan has dropped off . o
000000000000 000xOO0OOoOooOno NMTS8 | I’m off the plan . a
goooooooooooooboooobooboba
00o00o0oon 0000000000000 00000000000
0 iloooooon 0000000000
o goooooood 44 0O0OOO0OO

pgoooboooooooooo
google DO OOOOOOOO
O oooooooooooo
ooooooooooo

x goooobooooooooo

000000000 0OOo0OOoODOoOooooOg PRED
Ooo0o000 16000000000000000O PRED
goooobogo

oooDooooooooog 04000000
JooooooooDOO PRED | BLEU | METEOR | TER
NMTI | -0.4061 | 0.1844 | 04569 | 0.6228
NMT2 | -0.3980 | 0.1838 | 04574 | 0.6218
3 0oon NMT3 | -0.414 | 0.1827 | 04528 | 0.6248
31 00 NMT4 | -0.4076 | 0.1838 | 0.4582 | 0.6172
000000000000000000000000 NMT5 | -0.4066 | 0.1855 | 04574 | 0.6190
00000000000 NMTOOOOOOOOOOO NMTG6 | -0.4014 | 0.1850 | 0.4547 | 0.6241
OO0 NMTOOOOODO NMT7 | -0.3962 | 0.1853 | 0.4587 | 0.6222
32 00 NMTS | -0.4006 | 0.1849 | 04575 | 0.6182
00000 800NMTOOODODODOD8ODOD OOODODOOOOOOCOOOOOOOOOOOOOOOO
0ooo0ooooo 00000000 PREDOOOOOOOOOODO NMT
0000000000000 00000000000 OOO0O0OO0OOO0OO0BLEUOOOOOOOOOOO NMT
00000000000000 000000
4 00O
41 0000

0000000 O00000OpenNMT[S]OOOOOO
ooooooooooooo
42 0OO0OO0OOO
boboobobOobooooboOoboooooooon
coobooooood

— 1330 — This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



45 0OO0OO0OO0O
gdooobooooobooooouoboa
O, 00ooooooouooooooa
05000000 (o00)

o O X
NMTI1 | 47 | 25 | 28
NMT2 | 43 | 25 | 32
NMT3 | 39 | 35 | 26
NMT4 | 43 | 29 | 28
NMTS | 39 | 30 | 31
NMT6 | 44 | 22 | 34
NMT7 | 41 | 23 | 36
NMTS8 | 41 | 30 | 29

ooo0oo

gbooboooooooobobobooboooooooon
oobDoO0oOo0oooOoooooooooooOoONMT
ooooooooooobooobooooooon

gboboocooooooooocoobOocOooboooan
PREDOOOOOOO NMTOOOBLEUOODOOOO
ONMTOOOOOOOOOOOOOOODOOODOOO

bobooboooboobobobooboooooooon
ooobooooooooboooo

PREDOOOxOO0O0O0O0O0O00O0O0O0 PREDOOOOO
ooobooooooon

O8 PREDODOODOODDOOOO@OODOO)

oo0 |oo0boooooOboOooOoOD 00 | PRED
000 | The strike was settled by the intervention of the President .

NMT1 | The dispute was settled by the President of the President. | o | -1.8957
NMT?2 | The dispute was settled by the president’s invasion . o | -1.8790
NMT3 | The dispute caused by the president caused a solution . x| -3.3359
NMT4 | The dispute was settled by the dispatch of the president . o | -2.6528
NMTS | The dispute was settled by the mediation of the president. | O | -3.5173
NMT6 | The dispute was settled by the President . o | -2.275
NMT7 | The President’s formation was resolved by the President. | O | -2.8033
NMTS | The dispute was settled by the president of the president. | o | -1.5124

OOOCOoOoOONMTOOOOOOOO the president O
00000o0000ooOoUoooOoOoooooooQ
0000000000 dOD00O00O0ODO PREDOOODO
goooooooooobbobboooooooooo
PREDOOOOOOOOODOODODOO

O9 PREDOOOOODOOOOOOO (HeOSheOOODODO)

pgoo |ooobobooOooooobboOoOoooo 00 | PRED
5 OO 000 | He was the very ideal of an English gentleman .
51 PREDOOD II:IH\I\;IIE ;Fhis wasavetl)y1 typical lexarfnpl}; of 1 gentl;:man. 0 gg;lié
t was a sensible example of a British gentleman. | O | -3.
Dooooooon PREDOODOOODOO 600 NMT3 | That was the worst example of a gentleman . 0 ]-3.7659
oo NMT4 | He was a typical example of a British gentleman. | o | -2.2104
06 000000000 PREDODOOO NMTS | She was a typical classic of a British gentleman. | O | -3.7124
NMT6 | He was a classic example of a gentleman . O |-29573
° u X NMT7 | He was the epitome of a gentleman of English . o |-1.9124
NMTI1 | -2.1564 | -3.4963 | -8.1842 NMT8 | He was the very epitome of a gentleman . O | -1.9405
NMT2 | -1.7890 | -3.4370 | -7.7541
NMT3 | -1.7239 | -3.4888 | -8.1038 OO0O00O0OO0 NMTOODOOO HeDOOOODOO
NMT4 | -2.0195 | -3.1141 | -7.5009 She 0000 OU0OODOOOOOODO PREDOOODOO
NMTS5 | -1.8041 | -2.9416 | -8.4624 OO0O0OCOOPREDOCOOOOOOOODOOODDO
NMT6 | -2.1846 | -4.6117 | -7.7291 OO0 SheOOOO PREDOOODOOOODOOODODOO
NMT7 | -1.9401 | -3.8695 | -7.1248 OHeOOODOODOODODODOOOOOOOOOODODO
NMTS | -1.9080 | -3.2454 | -7.5257 53 0OOOO (PREDOOOOOOOOOOOOOO)
gogd | -1.9407 | -3.5256 | -7.7981 010 PREDODOOOODDOO00DDO0 (O0D000000
PREDODOODN)
06000PREDIDNDODONOODONONDOOODOO 000 |0000000000000000 |00 | PRED
OoooO00o0ooo0ooo 000 | He feels secure about his future .
NMT! | I don’t feel any apprehension about my future. | o | -1.3998
52 UDOODO(PREDOODODOOOODOO) NMT2 | Ifeel uneasy about my future . x| -2.5883
OO0 PREDOOOOODDOOODOOOOOOOO NMT3 | I don’t feel feeling uneasy about my future . o | -24133
00000 PREDOOOOOOOOOOOOOOOOO NMT4 | I feel unsettled about my future . x| -1.2790
goad NMTS5 | Ifeel not worried about my future . o | -2.6342
07 PREDODOOODOOODODOOO NMT6 | Idon’t feel anxiety about my future . o | -2.6342
NMT7 | Idon’t feel anxiety about my future . o | -14979
ooo |ooopoooooooOOOOOOOOOOD|O0 | PRED NMTS | I feel uneasy about my future . x| -1.8851
000 | Look to it that this does not happen again .
NMT!1 | Be careful what you do . O |-32388 000000000 000ONMT20408000000
NMT2 | Be careful of such a thing . 0 (3291 | O0OO0OO00000000000000O0O0OoooOooOooO0n
NMT3 | See that there is no occasion . x 4818 | DoooooOooo0oo0oooooOooooOooooon
NMT4 | Look like this again . x |97 goo00000000000000000000000
NMT5 Takecaxeofsuchathingagain. ] -4.0140 000000000000 PREDODODOOOODODOOO
NMT6 | Be careful not to do such a thing again . o | -3.6025 000000000000 0000000
NMT7 | Be careful not to do anything like this again . o |-23996
NMTS | Be careful not to do such a thing again . o | -1.7900

000000000000 0DODO0OO0DODOOOn

— 1331 —

This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



011 PREDOOOOOODOOOOOOOO@OOOOO PREDO
ooooooon)

poo|oooooobboooao 00 | PRED

000 | He has been transferred to an easy post .

NMTI1 | He was deeply engrossed . X -2.5850
NMT?2 | He was carried into a small section . 0 -2.8353
NMT3 | He was relegated to a minor post . 0 -0.6828
NMT4 | He was stabbed by a sudden death . X -0.9691
NMTS | He was attacked by a fraction . X -1.0670
NMTI | He was put into a post . X -2.7056
NMT?2 | He was carried into a strange telephone . | x| -3.12151
NMT3 | He was driven to the gallows . X -1.0629

OoooooooNMT4OSO08O0O00O0OOOOOOO
oooooOoooOoooooooopPREDOOOOOO

ubobooboobooobOoboboobooooooon
ooooocooooog

012 PREDOJOOOUDOODOOOOOO 3(PREDODODODOOOO
O0o)

ooo |oooco0booobOooao 00 | PRED
000 | I'want to live comfortably when I become old .

NMT1 | 'want to live in my old age . O | -1.6963
NMT?2 | I'would like to live at an easy age . x| -2.8527
NMT3 | ['want to get along with old age . O | -3.1904
NMT4 | I want to live comfortably in old age . o | -3.6880
NMTS | ['want to live in old age . 0 | -1.0251
NMT6 | Iwant to live at ease in my old age . o | -37577
NMT7 | I 'want to live in old age . 0 | -1.6900
NMTS | I want to live in a comfortable age . 0 |-2.8026

O0000000ONMT40600000000000 0O
oooOoOoo PREDOOOOOOOCCOOOOOOOO

54 000O0O0ODOOOPREDOOOODOOOOOO
good

oooooOooooooOoopPREDOOOOOODOOO
OO0O0o0o0oo0oo0Oo0OO0o0O0000 PREDOOOOOOOO
ooboooooomoooooboocoobooooooo
oboooocooooobOobooboobooooboooooo
ooo

013 000000 (1000)

o O x

PRED 0O O 49 | 24 | 27
ooo 68 | 22 | 10

goboooobOobobO0oooPREDOOODOOODOO
ggooooooboobbbbbbbbooooooooo
00000000 D0OPREDOODOOODOOODOOO
googoboobooobooboboboobooon
gboboooooooboobobobobo
55 O0OO0OD0OOOO0ODOOOOO

ooooogoo 100000000000 ODOOO

ooooOOoOoOoooOoo PREDO BLEUOOOOOODO
ooo

— 1332 —

014 0000000000000

00000 | PRED | BLEU
60000 -0.5393 | 0.1793
65000 -0.4524 | 0.1821
70000 -0.4615 | 0.1875
75000 -0.4428 | 0.1863
80000 -0.4353 | 0.1868
85000 -0.4408 | 0.1859
90000 -0.4324 | 0.1862
95000 -0.4328 | 0.1865
100000 -0.4228 | 0.1867
200000 -0.4245 | 0.1873

OOO0O0OCOOOPREDOOO 100,000 0O 0OBLEU
ooo7o00000000000C0O0COOOOGOOO
ooooooo 1o000000D0OO0ODODODDODO

6 DOODO

OCO00oOoONMTOOOOODOOOOOOOODO
goooboobobobobbbooodogooooooooo
gogoooobobobboooooodooooooooo
gooooooooobobbbobobooooooooo
gooooobbboboooooooooooboooogg
PREDOOODOODODO NMTOOOOOOOOOOO
goooog

ggoo

[1] Dzmitry Bahdanau, Kyunghyun Cho, and Yoshua Bengio. Neural
machine translation by jointly learning to align and translate. CoRR,
abs/1409.0473, 2014.

[2] K. Papineni, S. Roukos, T. Ward, and W. J. Zhu. BLEU: a method for
automatic evaluation of machine translation. In ACL, 2002.

[3] S.Banerjee and A. Lavie. Meteor: An automatic metric for mt evalu-
ation with improved correlation with human judgments. pages 6572,
2005.

[4] Matthew Snover, Bonnie Dorr, Richard Schwartz, Linnea Micciulla,
and John Makhoul. A study of translation edit rate with targeted hu-
man annotation. Proceedings of Association for Machine Translation
in the Americas, 2006.

[5]1 G.Klein, Y. Kim, Y. Deng, J. Senellart, and A. M. Rush. OpenNMT:
Open-source toolkit for neural machine translation. ArXiv e-prints,
2017.

This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



